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“We connect tensor factorizations and circuits, present research opportunities for both fields, and
provide a pipeline for building and optimizing factorizations and tractable probabilistic models.”

TL;DR:

AVAS2 E(—--O X3
==

2
,—»"!’*\\ ~ g__)_ | 4% Ve SRR IS
ahiny o R
~1] e
O T S )23 O

ri1 V2 z2l  Uzy2 z31l V32 Step 1. Build a region graph Step 2. Over-parameterize

t %ER ER ER w ol 2 )
T1ToT3 =1 ro=1 ra=1 r1rars xr1ri ToT9 x3rs

Tensor factorizations such as Tucker are circuits...[1]
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...and circuits encode factorizations as computational graphs

Step 3. Tensorize units Step 4. Fold layers

Inputunits  ¢,(X) = fu(X; 0,) € C

Product units  ¢,(X,,) = H'e' N ci(X,) A pipeline for building tensorized circuits in PyTorch
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...Strictly generalizing tensor network factorizations [3]

We have
an OSS lib!

We present 7+ research opportunities by exchanging
theory and practice between the two communities References
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